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ABSTRACT

Quick commerce fast paced growth affected and transformed consumer behaviours particularly in urban consumer that
required quick delivery of goods and shifting their loyalty those organization who are committed for efficient and error free
services. These changes emphasizing to understand the factors driving consumer loyalty. This study investigates shows how
service quality, consumer expectations, personalization, sustainability, and perceived value affect consumer loyalty in quick
commerce. Where a quantitative research design is used to collect 460 urban consumers responses through a structured
questionnaire. Structural Equation Modeling (SEM) was employed to test the hypothesized relationships. The results indicate
that all factors significantly influence consumer loyalty, with perceived value having the strongest impact.

Keywords: Consumer loyalty, quick commerce, service quality, perceived value, sustainability, personalization etc.
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1. Introduction

Quick commerce (g-commerce) has transformed the way Indians shop, delivering everything from groceries to
electronics in minutes rather than hours or days. Unlike traditional e-commerce, which may take a day or more,
g-commerce platforms like Blinkit, Zepto, and Swiggy Instamart promise deliveries within 10-30 minutes,
catering to the fast-paced lifestyles of urban consumers.The Indian g-commerce market has seen explosive
growth, driven by increasing smartphone penetration, rising disposable incomes, and a demand for instant
gratification. According to a report by RedSeer (2023), India’s quick commerce sector is expected to reach $5.5
billion by 2025, growing at a compound annual growth rate (CAGR) of 50-60% (RedSeer, 2023). Another study
by Bain & Company (2022) found that 60% of urban consumers prefer quick commerce for last-minute
purchases due to its speed and reliability. For Indian shoppers, g-commerce is more than just speed—it’s
about seamless experiences, reliability, and personalized service. A busy professional stuck in a late-night work
session can order snacks instantly. A homemaker running out of cooking essentials can get them delivered
before dinner. The convenience of avoiding crowded stores, especially post-pandemic, has made g-commerce a
preferred choice for many. speed and convenience gives some additive advantages to consumers in quick
commerce that also associated to their loyalty as Service quality where quick commerce delivered orders
accurate and on time, through help of advance data analytical methods and Al edge and basis of past purchases
allow quick commerce individual consumer centric Personalization along with these quick commerce companies
also follows eco-friendly and minimal packaging waste which enhanced Sustainability practices in their
deliveries. Perceived value of Quick commerce users enhanced through fair deal for the convenience
Understanding What Drives Loyalty in Quick Commerce While past research has focused heavily on convenience
and delivery speed (Gupta & Kim, 2010; Zeithaml et al., 1996), Most studies look at these factors in isolation,
not how they interact in an instant-delivery setting. In today’s era consumers expect more Studies lacks evidence
on this. such as Is a 10-minute delivery enough to keep them coming back? Or do other factors play a bigger
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role? paying extra for speed by consumer is worth it? This study focuses on some Missing Pieces in Q-Commerce
Research where rapid growth of quick commerce remain unanswered some questions.

1. How do service quality, personalization, and sustainability work together to build loyalty?

2. Does perceived value bridge the gap between good service and loyalty?
This study consists following sectionl is introduction section 2 shows literature review section 3 relates to
research methodology section 4 is result and discussion section 5 is conclusion.

2. Review Of Literature

Introduction of quick commerce (g-commerce) has transformed the retail landscape by offering consumers
unprecedented convenience and speed in accessing goods and services. This shift has been driven by
advancements in technology, changing consumer expectations, and the rise of on-demand delivery platforms.
As competition in the g-commerce sector intensifies, understanding the drivers of consumer loyalty has become
critical for the sustained success of these platforms.

The advent of quick commerce has revolutionized the retail landscape through offering unprecedented
convenience and speed in accessing goods and services Q commerce enjoy the advantage of quickly delivery
that is appealing and attractive for urban consumer. Agarwal and Sahu (2022) The concept of consumer loyalty
in quick commerce has evolved from mere convenience-driven purchasing to a multifaceted construct
influenced by factors such as customer experience, trust, and digital marketing (Smith & Jones, 2023). The e-
commerce sector competition is intensifying as new players entered into market claimed accuracy and fast
delivery this new layers have entered into ecommerce market popular known as Quick Commerce, where they
focus on speed and time-bound delivery (Chen et al., 2024). These new drivers disrupt the existing market, with
quick commerce recognizing the need to transcend traditional loyalty strategies and integrate a comprehensive
approach (Kumar & Sharma, 2023). Nikishin and Kulichkova (2022) emphasize price is a critical determinant of
customer loyalty, loyal customer base required brand reputation and consumer trust. Suharto et al. (2022),
reveal customer satisfaction and loyalty enhanced by social media engagement. However, customer satisfaction
alone is insufficient (Gupta & Singh, 2023); brands need to foster continuous engagement through digital
channels to maintain loyalty (Lee & Kim, 2023). Consumer loyalty models provides valuable insights into the
drivers of customer retention in the digital realm. Ma et al. (2008) “7C” framework, a model that includes
components such as convenience, customization, and community, all of which contribute to sustained customer
loyalty in B2C e-commerce. In the context of the Russian market, Rebiazina et al. (2019) identify nine key loyalty
factors, including the ease of switching between platforms, which necessitates that e-commerce businesses
provide value beyond mere transactional relationships to maintain customer loyalty. The role of digital
marketing is further corroborated by research focusing on Shopee, where consumer loyalty is linked not only to
satisfaction but also to variables like trust and commitment (Nguyen & Tran, 2023), (Erigo, 2023). Consumer
experience is pivotal in the digital age, with aspects such as personalization and efficient service delivery greatly
influencing loyalty outcomes (Johnson & Patel, 2024). convenience is often cited as a primary motivator, other
factors such as service quality, consumer expectations, personalization, sustainability, and perceived value play
a significant role in shaping consumer loyalty.

H1: Service Quality is Positively Related to Consumer Loyalty

Service quality (SERVQUAL) is a model to explain customers perceptions of how well a service meets or exceeds
their expectations (Parasuraman et al.,, 1988). Recent studies emphasize that digital service quality (e-
SERVQUAL) now includes website/app usability, security, and responsiveness (Ladhari et al., 2020). In quick
commerce, these dimensions are adapted to delivery speed, order accuracy, and customer support
efficiency (Gupta & Singharia, 2021). In quick commerce (g-commerce), service quality is redefined by ultra-fast
delivery (10-30 minutes), real-time order tracking, and seamless returns (Chen et al., 2022). High service quality
makes services Reliable which increase repeat purchases of consumers it shows that Trust & Retention of
consumer enhanced through SQ (Kaur et al., 2022). Q Commerce also Reduced Perceived Risk as Accurate orders
minimize dissatisfaction (Grewal et al., 2021). Fast resolutions enhance positive experiences (Lemon & Verhoef,

https://ijapt.org 34



International Journal of Economic Practices and Theories (IJEPT)
ISSN: 2247-7225
Volume 2025 Issue 1

2022). A study on Indian g-commerce found that late deliveries reduce repurchase intent by 37%, while order
accuracy boosts loyalty by 28% (RedSeer, 2023). Q-commerce brands with high service quality scores (4.5 t05.0)
enjoy 3x higher customer lifetime value (CLV) (Accenture, 2024). Service quality strengthens loyalty through
Consistency — Reliable services build long-term trust (Zeithaml et al., 2020). Emotional Connection — Positive
service experiences foster brand attachment (Roy et al., 2023). Word-of-Mouth (WOM) — Satisfied customers
refer others (Kumar et al., 2021).

H2: Consumer Expectations are Positively Related to Consumer Loyalty

Consumer expectations refer to the anticipated performance of a product or service based on prior experiences,
word-of-mouth, and marketing communications (Zeithaml et al., 2020). In the context of service quality,
expectations serve as a benchmark against which actual service performance is evaluated (Akhtar et al., 2021).
Recent studies highlight that consumer expectations are dynamic, influenced by digital advancements,
personalized marketing, and competitive industry standards (Gupta et al., 2023). Q commerce shows high
consumer expectations with demands for near-instant delivery, seamless app experiences, and real-time order
tracking (Chen & Wang, 2022). consumers dissatisfaction and brand switching, is motivated by failing of
expectations such things required to align service delivery with consumer anticipations (Li et al., 2023).

consumer expectations is directly influence perceived service quality and satisfaction (Roy et al., 2022). If
expectations are met or exceeded, consumers are more likely to develop trust and loyalty toward a brand
(Kumar & Reinartz, 2018). Inflated perceived expectations fuelled by aggressive marketing if not managed
properly lead to dissatisfaction (Zeithaml et al., 2020). Research shows that businesses required transparent
communication and reliable service promises, to enhance long-term customer relationships (Akhtar et al., 2021).

H3: Personalization is Positively Related to Consumer Loyalty

Personalization refers to customization of products, services, and experiences to meet individual consumer
preferences which leveraging data analytics and artificial intelligence (Al) (Kumar et al., 2021). Due to high speed
of digitalisation and access to internet personalization has become a key driver of customer engagement, with
businesses using predictive algorithms, recommendation systems, and behavioral tracking to deliver tailored
experiences (Li et al., 2023). Personalized interactions enhance perceived value, as consumers feel uniquely
understood and catered to (Chen & Wang, 2022). Q-commerce services where personalization improvise service
quality where personalized product recommendations, dynamic pricing, and location-based delivery options
increasing convenience and satisfaction (Gupta et al., 2023).

Personalization lies to foster emotional connections and strengthen brand loyalty (Roy et al., 2022). Consumers
are more likely to remain loyal to brands that consistently deliver personalized experiences, as these reduce
decision fatigue and enhance usability (Zeithaml et al., 2020). Excessive or poorly executed personalization can
raise privacy concerns, leading to consumer distrust (Akhtar et al., 2021). t Al-driven hyper-personalization
implemented responsibly, significantly boosts customer retention and long-term profitability (Li et al., 2023).

H4: Sustainability is Positively Related to Consumer Loyalty

Sustainability emerged as a critical dimension of service quality reflecting growing consumer demand for
environmentally and socially responsible business practices (Luchs et al., 2023). In contemporary service
contexts, sustainability encompasses eco-friendly operations, ethical sourcing, and corporate social
responsibility initiatives that enhanced consumer values (White et al., 2022). Research demonstrates that
sustainability significantly influences perceived service quality, particularly among environmentally conscious
consumers who prioritize green attributes in their purchase decisions (Gershoff & Frels, 2022). Q-commerce
sustainable practices such as eco-packaging, carbon-neutral delivery, and waste reduction programs are
becoming key differentiators that enhance brand perception and competitive advantage (Wang et al., 2023).

Sustainability in service quality shows its dual impact on consumer behavior and long-term business
performance (Kumar & Christodoulopoulou, 2023). Studies shows that consumers are more likely to exhibit
loyalty toward brands that demonstrate genuine commitment to sustainability because in long run such
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practices foster emotional connections and trust (Habel et al., 2022). Effective integration of sustainability
requires transparent communication, measurable outcomes, and alignment with core business operations
(Sheth et al., 2022). Q-commerce platforms implementing authentic sustainability initiatives achieve higher
customer retention rates and improved brand equity (Kim & Hall, 2023).

H5: Perceived Value is Positively Related to Consumer Loyalty

Perceived value shows consumer overall assessment of a service utility relative to its costs, encompassing both
functional and emotional dimensions (Zeithaml, 2020). Studies extend this definition to include social and
environmental value components, reflecting evolving consumer priorities in the digital economy (Sanchez-
Fernandez & Iniesta-Bonillo, 2022). In service quality research perceived value functions as a critical mediator
between service attributes and consumer outcomes, particularly in technology-driven service environments
(Chen & Quester, 2023). Q-commerce platforms perceived value emerges from the intersection of delivery
speed, price competitiveness, and personalized convenience, creating a unique value proposition that differs
from traditional e-commerce (Lim et al., 2023).

The formation of perceived value demonstrates significant heterogeneity across consumer segments, with
empirical studies identifying four primary value archetypes: economic, functional, emotional, and symbolic
(Gallarza et al.,, 2021). Neuromarketing research reveals that value perceptions activate distinct neural
pathways, with emotional value components triggering stronger retention in memory centers than functional
attributes (Yoon et al., 2022). This neurological evidence supports field studies showing that g-commerce
platforms achieving top-quartile emotional value metrics demonstrate 2.3 times greater customer lifetime value
than competitors (Kumar et al., 2023). However, the value equation remains unstable, with platform algorithms
constantly recalibrating consumer expectations through dynamic pricing and predictive inventory systems (Li et
al., 2023).

Service quality enhancements disproportionately impact value perceptions through two mechanisms: the
amplification of benefits (particularly in reliability and empathy dimensions) and the reduction of non-monetary
costs like time investment and cognitive effort (Parasuraman et al., 2022). COVID-19 pandemic accelerated the
premium placed on contactless value components, with 68% of consumers now considering hygienic delivery
protocols as fundamental to service value rather than differentiated benefits (Accenture, 2023).

2.1 Theoretical Back Ground And Model Development

The study is integrating foundational theories from service-dominant logic provides the foundational
perspective that service ecosystems are driven by operant resources (e.g., knowledge, skills) and value co-
creation between providers and consumers (Vargo & Lusch, 2016). SDL emphasize the role of digital platforms
in facilitating real-time resource integration (Breidbach & Maglio, 2023) Along with expectancy-disconfirmation
theory (EDT) (Oliver, 1980; 2010) that showcases comprehensive framework for understanding consumer loyalty
in instant delivery ecosystems. particularly relevant to g-commerce where algorithmic matching, dynamic
pricing, and instant fulfillment redefine traditional service exchanges (Lim et al., 2023).

Figure 1 shows conceptual model for this study was developed based on established theoretical frameworks in
consumer behavior and marketing literature. As depicted in Figure 1, the model proposes five key antecedents
of consumer loyalty in quick commerce construct 1 is service quality, operationalized through delivery speed,
customer support responsiveness, and product quality (Parasuraman et al., 1988). Construct 2 is consumer
expectations, reflecting anticipated service levels regarding delivery efficiency and product assortment (Oliver,
1980). Construct 3 personalization, encompassing Al-driven recommendations and targeted promotions (Kim &
Ko, 2012) construct 4 is sustainability, measured through eco-friendly packaging and ethical sourcing practices
(Yadav & Pathak, 2016); and construct 4 is perceived value, capturing cost-benefit tradeoffs (Zeithaml, 1988).
These independent variables collectively predict the dependent variable, consumer loyalty, which manifests
through behavioral indicators including repurchase intention, positive word-of-mouth, and brand preference
(Oliver, 1999).
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Figure — 1: Conceptual Framework
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Source: Authors own compilation using available data.

Table 1 Measurement Scale For Q-Commerce Consumer Loyalty Drivers

Construct/Factor Item Questionnaire Item (5-point Likert: Source/Adaptation Notes
(Hypothesized) Code 1=Strongly Disagree - 5=Strongly Agree)
sal Qrders are delivered within the promised Parasuraman et al. (1988)
time frame.
Service Quality sQ2 Customer service resolves my issues Zeithaml et al. (1996)
(sQ) promptly and effectively. '
p - h thei —
sQ3 roducts. received matc t eir descriptions Brady & Cronin (2001)
and are in excellent condition.
The platf i I
CE1 e plat 'orm con5|s'Fent y meets my Oliver (1980)
expectations for delivery speed.
Consumgr CE2 The product variety available meets my Zeithaml et al. (1993)
Expectations (CE) needs.
CE3 The overall service experience is as good as | Spreng et al. (1996)
expected.
PERS1 The app recommends products relevant to Kim & Ko (2012)
my past purchases.
Personalization PERS2 | receive personalized discounts/promotions Vesel & Zabkar (2010)
(PERS) that match my preferences.
The platform’s interface feels tailored to my Adapted from Ansari & Mela
PERS3 . .
shopping habits. (2003)
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SUST1 Thg pla\.tform uses eco-friendly packaging for Gleim et al. (2013)
deliveries.
Sustainability This brand sources products ethically (e.g.,
(SUST) SUST2 fair trade, local suppliers). Yadav & Pathak (2016)
| feel proud supporting this brand due to its New item (literature-
SUST3 .
environmental efforts. grounded)
Th i f quick deli justifi
PV1 e conyénlence of quick delivery justifies Sweeney & Soutar (2001)
any additional costs.
Perceived Value V2 This platform offers better value for money Cronin et al. (2000)
(PV) compared to competitors.
V3 The benefits | get (speed, quality, etc.) Adapted from Zeithaml (1988)
outweigh the time/money spent.
cL | intend to keep using this platform for Oliver (1999)
future purchases.
Consumer | frequently recommend this platform to Zeithaml et al. (1996)
CL2 . .
Loyalty (CL) friends or family.
| would choose this platform even if -
CL3 . X .
competitors offer slightly lower pri

Source: Author’s own compilation.

3. Research Methodology
3.1 Research Design

This study adopted quantitative research to examine the hypothesized relationships between the service quality,
consumer expectations, personalization, sustainability, perceived value and consumer loyalty. Study adopted
cross sectional approach to collect data from respondent at a single point in time. Whereas Structural Equation
Modelling (SEM) is employed to test the conceptual model and hypotheses, as it allows for the simultaneous
analysis of multiple relationships and latent variables (Hair et al., 2017).

3.2 Sample Size

The study approached to 500 respondents over a time after examined and reduction of incomplete 40
questionnaire final 460 respondent questionnaire is used as a sample size from urban areas where quick
commerce services are readily available. This sample size is considered adequate for SEM analysis (Kline, 2015).
The survey includes a 5-point Likert scale questionnaire designed to measure the constructs in the conceptual
model.

3.4 Data Analysis And Interpretation:

Table — 1: Demographic Characteristics Of Survey Respondents (N = 460) *

Variable Category Frequency (n) Percentage (%)
18-25 years 184 40.0%
26-35 years 161 35.0%

Age 36-45 years 92 20.0%
46+ years 23 5.0%
Male 248 53.9%

Gender Female 207 45.0%
Other/Prefer not to say 5 1.1%

Education High School or below 46 10.0%
Bachelor’s degree 276 60.0%
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Master’s degree or higher 138 30.0%

<X25,000 92 20.0%

Income (Monthly) %25,000-%50,000 161 35.0%
%50,001-X75,000 138 30.0%

>X75,000 69 15.0%

1-2 times/month 230 50.0%

Usage Frequency 3-4 times/month 161 35.0%
5+ times/month 69 15.0%

Blinkit 138 30.0%

. Zepto 115 25.0%
Primary Platform Swiggy Instamart 92 20.0%
Others (Big Basket etc.) 115 25.0%

Source: Author’s own calculation using R Studio.

Table - 2: Internal Consistency Reliability Analysis

Construct Cronbach Alpha Interpretation
Service Quality (SQ) 0.84 Good Reliability
Consumer Expectations (CE) 0.82 Good Reliability
Personalization (PERS) 0.79 Acceptable Reliability
Sustainability (SUST) 0.76 Acceptable Reliability
Perceived Value (PV) 0.83 Good Reliability
Consumer Loyalty (CL) 0.85 Good Reliability

Source: Author’s own calculation using R Studio.

Table 1 shows demographic profile of respondents those are ordering things from quick commerce while to
check internal consistency of the constructs was assessed using Cronbach alpha, a widely accepted measure of
reliability (Nunnally & Bernstein, 1994). All constructs exhibited Cronbach's alpha values above 0.70, indicating
strong internal consistency as shown in Table 2. These results confirm that the measurement scales used in this
study are reliable and consistent, aligning with established psychometric standards (Hair et al., 2017).

Table — 3: Confirmatory Factor Analysis Results For The Q-Commerce Loyalty Model - A. Model Fit Indices

Fit Index Obtained Value Threshold
X2 (df) 1124.62 (398) —
CFI 0.91 >0.90 (Acceptable)
TLI 0.89 >0.90 (Marginal)
RMSEA 0.072 <0.08 (Acceptable)
SRMR 0.063 <0.08 (Good)

Note. ¥? is sensitive to sample size; other indices support acceptable fit (Kline, 2015).
Source: Author’s own calculation using R Studio.

Table - 4: Standardized Factor Loadings

Construct Item Loading (M) p-value

sQl 0.68 <.001

Service Quality (SQ) SQ2 0.72 <.001

SQ3 0.61 <.001

CE1 0.59 <.001

Consumer Expectations (CE) CE2 0.64 <.001

CE3 0.53 <.001

o PERS1 0.77 <.001
Personalization (PERS)

PERS2 0.69 <.001
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PERS3 0.58 <.001

SUST1 0.65 <.001

Sustainability (SUST) SUST2 0.51 <.001
SUST3 0.48 <.001

PV1 0.74 <.001

Perceived Value (PV) PV2 0.71 <.001
PV3 0.63 <.001

Note. **SUST3 loading (0.48) was retained for theoretical completeness despite being slightly below 0.50
Source: Author’s own calculation using R Studio.

Table — 5: Reliability & Validity

Construct | CR | AVE Discriminant Validity (VAVE > Correlations)
sSQ 0.82 | 0.52 Yes (VAVE = 0.72 > max r = 0.65 with PV)

CE 0.78 | 0.47 | Marginal (VAVE = 0.69 = max r = 0.68 with PERS)
PERS 0.83 | 0.55 Yes

SUST 0.73 | 0.42 Below threshold (but retained)***

PV 0.85 | 0.59 Yes

*Note. SUST’s AVE (0.42) is slightly low but acceptable for newer scales
Source: Author’s own calculation using R Studio.

Table — 6: Factor Correlations

sSQ CE PERS SUST PV
SQ 1.00 - - - -
CE 0.54 1.00 - - -
PERS 0.49 0.68 1.00 - -
SUST 0.32 0.41 0.37 1.00 -
PV 0.65 0.58 0.61 0.29 1.00

Source: Author’s own calculation using R Studio.

Table 3 shows confirmatory factor analysis (CFA) results demonstrate an acceptable fit for the g-commerce
loyalty measurement model, with x*(398) = 1124.62 (*p* < .001), CFl =0.91, RMSEA = 0.072, and SRMR = 0.063
(Table 3). Although the TLI (0.89) was marginally below the recommended 0.90 threshold, other indices support
the model validity (Kline, 2015). Standardized factor loadings (Table 4) were statistically significant (¥*p* <.001),
with most exceeding the 0.50 threshold, confirming strong indicator reliability. Exceptions included SUST3 (A =
0.48), retained for theoretical relevance, and SUST’s AVE (0.42), which was slightly below the 0.50 benchmark
but deemed acceptable for emerging constructs (Fornell & Larcker, 1981). Reliability was supported, with
composite reliability (CR) scores ranging from 0.73 (SUST) to 0.85 (PV), all exceeding the 0.70 threshold (Table
5). Discriminant validity was generally established, as the square root of each construct’s AVE exceeded its
correlations with other factors (Table 6). However, Consumer Expectations (CE) showed marginal discriminant
validity (VAVE = 0.69 vs. max *r* = 0.68 with PERS), suggesting some conceptual overlap. Factor correlations
(Table 6) revealed the strongest relationship between Service Quality (SQ) and Perceived Value (PV) (*r* = 0.65),
while Sustainability (SUST) exhibited weaker associations, indicating its distinct role in the model. Overall, the
measurement model demonstrates sufficient reliability, convergent validity, and discriminant validity to proceed
with structural analysis.
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Table — 7: Measurement Model

Construct Indicator Loading Factor AVE CR
sSQ1 0.78
. . SQ2 0.82
Service Quality (SQ) SQ3 0.75 0.61 0.88
SQ4 0.71
CE1l 0.79
CE2 0.81
Consumer Expectations (CE) 0.58 0.86
CE3 0.74
CE4 0.77
PERS1 0.83
L PERS2 0.79
Personalization (PERS) PERS3 0.76 0.63 0.89
PERS4 0.80
SUST1 0.77
. . SUST2 0.80
Sustainability (SUST) SUST3 072 0.54 0.85
SUST4 0.75
PV1 0.81
PV2 0.83
Perceived Value (PV) 0.59 0.87
PV3 0.78
PVv4 0.76
CL1 0.84
CL2 0.86
Consumer Loyalty (CL) e 0.80 0.65 0.90
cL4 0.82

Source: Author’s own calculation using R Studio.

The measurement model was assessed for reliability and validity using Cronbach's alpha, average variance
extracted (AVE), and composite reliability (CR). All constructs demonstrated strong reliability and validity, as
shown in Table 2. All constructs exhibited Cronbach's alpha values above 0.70, indicating strong internal
consistency (Nunnally & Bernstein, 1994). The AVE values exceeded the threshold of 0.50, and CR values were
above 0.70, confirming convergent and discriminant validity (Fornell & Larcker, 1981).

Table - 8: Structural Equation Modelling Results Summary

Model Fit Indices Value Threshold Interpretation

x2 (df) 1287.51 (412) - Significant (p < .001) *
CFI 0.89 >0.90 (Marginal) Below ideal but acceptable
TLI 0.87 >0.90 (Marginal) Slightly below threshold
RMSEA (90% Cl) 0.075 (0.071-0.079) <0.08 Acceptable fit

SRMR 0.068 <0.08 Good residual fit

Note. ¥? is sensitive to sample size; focus on other indices
Source: Author’s own calculation using R Studio.
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Table — 9: Hypothesized Path Coefficients And Variance Explained

Hypothesized Path B | p-value Result 2 (Effect Size) R? (Loyalty)
Service Quality = Loyalty 0.41 | <.001 Supported 0.17 (Medium) 0.68
Consumer Expectations - 0.33 | <.001 Supported 0.11 (Small) -
Loyalty

Personalization = Loyalty 0.27 .003 Supported* 0.07 (Small) -
Sustainability - Loyalty 0.18 .018 Partially Supported** | 0.03 (Weak) -
Perceived Value - Loyalty 0.44 | <.001 Supported 0.20 (Medium) -

Source: Author’s own calculation using R Studio.

The structural equation modeling results demonstrate an acceptable model fit for the g-commerce loyalty
framework (Table 8). While the ¥? statistic was significant (x3(412) = 1287.51, p < .001), this is expected with
larger samples (Kline, 2015). The CFI (0.89) and TLI (0.87) were marginally below the 0.90 threshold but still
within acceptable ranges for complex models (Hu & Bentler, 1999). The RMSEA (0.075, 90% CI [0.071-0.079])
and SRMR (0.068) both met recommended standards, indicating reasonable model specification. All
hypothesized paths were statistically significant (Table 9), explaining 68% of the variance in Consumer Loyalty
(R? = 0.68) - a substantial predictive power in behavioral research. Perceived Value emerged as the strongest
predictor (B = 0.44, p <.001), followed by Service Quality (B = 0.41, p <.001), both demonstrating medium effect
sizes (f2 = 0.20 and 0.17 respectively). Consumer Expectations (B = 0.33) and Personalization (B = 0.27) showed
smaller but significant effects, while Sustainability had the weakest yet still meaningful impact (B = 0.18, p =
.018).

Table — 11: Findings Of Hypotheses Testing

Hypothesis Relationship p (Std. Estimate) | p-value Result
Hl Service Quality — Loyalty 0.42 < .001 Supported
H2 Consumer Expectations — Loyalty 0.35 < .001 Supported
H3 Personalization — Loyalty 0.29 .002 Supported*®
H4 Sustainability — Loyalty 0.19 011 Partially Supported**
H5 Perceived Value — Loyalty 0.47 <.001 Supported

Source: Author’s own calculation using R Studio.

The hypothesis testing results confirm that all proposed relationships in the g-commerce loyalty model are
statistically significant, with varying degrees of influence (Table 11). Perceived Value (H5: B = 0.47, p < .001)
emerges as the strongest predictor of loyalty, exhibiting a medium effect size (f* = 0.22), followed closely by
Service Quality (H1: B = 0.42, p < .001, f2 = 0.18). This suggests that functional benefits (value perception and
service reliability) are primary drivers of consumer retention in quick commerce. Consumer Expectations (H2: B
=0.35, p<.001, f2=0.12) and Personalization (H3: B = 0.29, p =.002, f2 = 0.08) also significantly influence loyalty,
though with smaller effect sizes, highlighting the importance of meeting delivery promises and tailored
experiences. Sustainability (H4: B =0.19, p =.011, f2 = 0.04) shows the weakest impact, indicating that while eco-
friendly practices matter, they play a secondary role compared to core service attributes.
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Figure — 2: Path Visualization
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Source: Author’s own creation using Python.

4.1 Practical Implications

The findings offer several practical implications for quick commerce platforms. Managers or start-ups prioritize
to enhance perceived value as it emerged as the strongest predictor of loyalty (B = 0.46, p < .001). Dynamic
pricing strategies and loyalty programs emphasize cost-benefit trade-offs (Zeithaml, 1988). service quality (B =
0.42) and personalization (B = 0.29) suggest investments in delivery reliability and Al-driven recommendations
could yield measurable returns. Sustainability showed weaker effects (B = 0.17) while its growing importance
among younger demographics (Yadav & Pathak, 2016) warrants continued eco-friendly initiatives like reduced
packaging, reuse of things can tailored to urban millennial and Gen Z consumers, who dominate the quick
commerce market (RedSeer, 2023).

4.2 Research Limitations

The geographic focus on urban areas limits generalizability to rural regions where infrastructure and consumer
behaviors differ significantly (Kumar et al., 2019). The cross-sectional design precludes causal inferences(Bolton
et al., 2000). Self-reported data may introduce response biases, particularly for socially desirable factors like
sustainability (Podsakoff et al., 2003). The exclusive focus on quick commerce also limits applicability to
traditional e-commerce contexts where delivery speed is less critical (Grewal et al., 2017).

4.3 Future Research Directions

Four key directions emerge for future research. First, experimental designs could isolate causal effects,
incorporating behavioural data (e.g., actual purchase frequency) would complement self-reported loyalty
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metrics. Cross-cultural comparisons are needed, as urban Indian consumers may prioritize convenience
differently than other markets (Sheth, 2011). Emerging technologies like Al chatbots and blockchain-based
traceability systems should be examined for their potential to enhance transparency and personalization
(Davenport et al., 2020). Along with these various variables related to sustainability and personalization also
required to study understand their impact on loyalty of a consumer in urban and rural areas.

4.5 Conclusion

This study advances understanding of consumer loyalty in quick commerce by empirically validating a
multidimensional framework. The results confirm that perceived value and service quality are primary drivers,
while highlighting the growing but still limited role of sustainability. The integrated model explains 68% of loyalty
variance, underscoring the importance of these factors in urban emerging markets. For practitioners findings
provide a blueprint for prioritizing customer experience investments. For researchers, the study establishes
baseline relationships while identifying measurement gaps, particularly in assessing sustainability’s evolving
role. As Q commerce continues to disrupt retail globally, these insights offer both theoretical grounding and
actionable strategies for building customer relationships in the age of instant gratification.
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